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Abstract: In data-intensive organizations, the growing reliance on complex data systems and the increasing need for efficient 

decision-making have underscored the importance of self-service data platforms. These platforms empower non-technical users to 

access, analyze, and visualize data independently, which can lead to significant reductions in support and infrastructure costs. This 

paper proposes a new model for self-service platforms, designed to enhance cost-efficiency while improving decision-making across 

the organization. The model integrates advanced data management practices, automation, and user-centric design, inspired by 

successful implementations across industries. The proposed model addresses the challenges of traditional data platforms, which 

often require extensive IT support, dedicated infrastructure, and specialized expertise. By empowering business users with intuitive 

tools and pre-configured templates, the model minimizes the need for continuous technical support and reduces the complexity 

associated with data extraction and manipulation. Furthermore, it supports real-time data access and analytics, facilitating faster 

and more informed decision-making at various organizational levels. The model includes several key components: data 

democratization, which ensures that data is accessible across departments; automated data workflows, streamlining data extraction, 

transformation, and loading (ETL); and scalable cloud infrastructure, enabling organizations to reduce on-premise costs while 

maintaining high performance. Additionally, it incorporates advanced features such as machine learning-based insights and 

predictive analytics, further enhancing decision-making capabilities. Case studies from sectors such as finance, retail, and 

healthcare illustrate the tangible benefits of self-service data platforms, demonstrating improved operational efficiency, quicker 

decision cycles, and reduced reliance on IT teams. The research suggests that when properly implemented, self-service data platforms 

can transform the data ecosystem of an organization, significantly reducing infrastructure costs while empowering business users to 

drive data-driven strategies. 
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1.0. Introduction 

In today's data-intensive organizations, the demand for data-driven decision-making has become paramount. Industries such as 

finance, retail, and healthcare generate massive volumes of data that need to be processed, analyzed, and utilized effectively for 

operational and strategic decisions. However, managing such large datasets presents significant challenges. Organizations are tasked 

with not only ensuring that the data is accurate, up-to-date, and secure but also supporting the diverse needs of users across 

departments (Hani, 2020, Michalczyk, et al., 2020). These complexities can overwhelm traditional data systems, leading to 

inefficiencies and slower decision-making. 

Traditional data platforms, while effective in many cases, often come with significant drawbacks. One major issue is the high 

dependency on IT support for data access, maintenance, and management. This reliance can lead to delays in accessing necessary 

data, hampering the speed at which organizations can make informed decisions. Additionally, the infrastructure costs associated with 

managing large data environments can be prohibitive, particularly as the volume of data continues to grow (Akinsooto, De Canha & 

Pretorius, 2014, Evans, et al., 2021). Moreover, in many organizations, decision-making processes are slowed down due to 

bottlenecks in data access and analysis, creating a cycle of inefficiency that affects the organization’s overall performance. 

The objective of this paper is to propose a new model for self-service data platforms as a solution to these challenges. By empowering 

business users to access and analyze data independently, self-service platforms reduce the need for constant IT intervention, thereby 

cutting infrastructure costs and accelerating decision-making processes. This approach allows decision-makers to access real-time 

insights without relying on a central IT team, streamlining the data access process and enabling faster, more informed decisions 

(Dulam, Gosukonda & Gade, 2020, Gade, 2020). 

This model is particularly applicable to industries like finance, retail, and healthcare, which generate vast amounts of data daily. By 

focusing on the challenges faced in these sectors, this paper aims to demonstrate how self-service data platforms can drive cost 
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reduction and improve decision-making efficiency. The proposed model offers a scalable and flexible solution that addresses the 

growing demand for timely, data-driven decisions in today’s fast-paced business environment (Abbey, et al., 2023). 

 

2.1. Conceptual Framework 

Self-service data platforms are tools and systems that empower non-technical users within organizations to access, analyze, and 

visualize data independently, without needing extensive support from IT departments. These platforms have emerged as powerful 

solutions for organizations seeking to become more agile, efficient, and cost-effective in managing their data-driven decision-making 

processes. In industries that deal with large volumes of data—such as finance, retail, and healthcare—self-service platforms provide 

a means of democratizing data access, allowing users from various business functions to leverage the full potential of data without 

relying on specialized technical teams (Dulam, Gosukonda & Allam, 2021, Escamilla-Ambrosio, et al., 2018). 

The importance of cost reduction and efficiency in data-intensive organizations cannot be overstated. Traditional data platforms, 

which often require substantial IT resources to manage and maintain, incur significant costs in both infrastructure and personnel. 

High dependency on IT support slows down the process of accessing and analyzing data, leading to delays in decision-making. 

Furthermore, maintaining on-premise infrastructure for data storage, processing, and analysis adds to operational expenses. In the 

face of such challenges, organizations are increasingly seeking ways to streamline their data operations while reducing costs (Hani, 

2020, Michalczyk, et al., 2020). A self-service model achieves these objectives by reducing the need for IT intervention, lowering 

infrastructure expenses through cloud-based solutions, and accelerating decision-making by empowering business users to act on 

insights in real time. This approach allows organizations to free up resources for more strategic investments, such as innovation, 

market expansion, or improving customer experience, ultimately contributing to greater business agility and growth. Figure 1 shows 

modes of engagement in relation to data analytics process modes of engagement in relation to data analytics process as presented by 

Bani-Hani, Tona & Carlsson, 2020. 

 

Figure 1: Modes of Engagement in Relation to Data Analytics Process Modes of Engagement in Relation to Data Analytics Process 

(Bani-Hani, Tona & Carlsson, 2020) 

The proposed model for self-service data platforms includes several key components that work together to drive cost reduction and 

decision-making efficiency. One critical element is data democratization, which ensures that data is accessible to all relevant 

stakeholders across the organization. By eliminating data silos and providing easy-to-use tools for accessing and analyzing data, 

self-service platforms allow business users to take ownership of their data needs (Machireddy, Rachakatla & Ravichandran, 2021). 

With the ability to create their own reports, dashboards, and analyses, users can make more informed decisions without waiting for 

IT teams to provide custom solutions. This not only accelerates decision-making but also fosters a culture of data-driven decision-

making within the organization. 

Another important component is the automation of data workflows. In traditional systems, data processing often involves manual 

steps, such as data cleaning, integration, and transformation, which can be time-consuming and prone to error. Self-service platforms 

can automate these tasks through advanced workflows and data pipelines, allowing users to focus on higher-level analysis and 

decision-making (Omowole, et al., 2024, Osundare & Ige, 2024). By integrating tools for data extraction, transformation, and loading 

(ETL), along with automated reporting and alerting features, organizations can improve both the speed and accuracy of their data 

operations. This automation significantly reduces the workload on IT teams and frees up valuable time for them to focus on more 

complex tasks, further contributing to cost savings. 

Scalable cloud infrastructure is another key component of the self-service data platform model. Cloud-based platforms provide a 

flexible and scalable environment for storing, processing, and analyzing data. Unlike on-premise infrastructure, which requires heavy 

upfront investment and ongoing maintenance costs, cloud services are typically pay-as-you-go, allowing organizations to scale their 

resources according to their needs. This means that as data volumes grow, organizations can adjust their infrastructure without having 

to invest in costly hardware upgrades (Theodorou, 2017, Vemulapalli, 2023). Cloud services also offer the advantage of built-in 

redundancy and security, ensuring that data is safely stored and readily available when needed. By adopting cloud-based solutions, 
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organizations can significantly reduce infrastructure costs while maintaining the scalability and flexibility required to support their 

data operations. Data lakehouse architectures presented by Vemulapalli, 2023, is shown in figure 2. 

 

 

Figure 2: data lakehouse architectures (Vemulapalli, 2023). 

 

Integrating predictive analytics and machine learning is another powerful feature of the self-service data platform model. Predictive 

analytics uses historical data to forecast future trends and behaviors, helping organizations make proactive decisions. Machine 

learning algorithms can identify patterns in large datasets that may not be immediately apparent to human analysts (Ike, et al., 2021, 

Ilebode & Mukherjee, 2019). By incorporating these capabilities into self-service platforms, organizations can enable business users 

to not only visualize and analyze past data but also make data-driven predictions about future outcomes. For example, a retailer 

could use predictive analytics to forecast demand for products, optimizing inventory management and reducing stockouts or 

overstocking. Similarly, a healthcare provider could use predictive models to anticipate patient outcomes, allowing for better resource 

allocation and improving patient care (Akinsooto, Ogundipe & Ikemba, 2024, Ewim, et al., 2024). By democratizing access to these 

advanced capabilities, self-service platforms enable organizations to derive more value from their data and make smarter, forward-

looking decisions. 

The combination of these key components creates a robust framework for self-service data platforms that drives both cost reduction 

and decision-making efficiency. Data democratization enables widespread access to insights, while automation accelerates the 

processing and analysis of data, reducing manual labor and human error. Scalable cloud infrastructure ensures that organizations can 

meet the growing demands of data processing without incurring prohibitive costs, and the integration of predictive analytics and 

machine learning enhances the value of data by providing insights into future trends (Ige, Kupa & Ilori, 2024, Mokogwu, et al., 

2024). These elements work together to create a self-service data ecosystem that empowers organizations to make faster, more 

informed decisions, while reducing the reliance on costly IT resources and infrastructure. 

One of the primary benefits of this conceptual framework is the shift from a centralized, IT-driven data management model to a more 

decentralized, user-driven approach. This transition not only reduces costs but also improves the overall agility of the organization. 

Business users can access data and insights in real-time, enabling them to make decisions faster and respond more quickly to changes 

in the market or operational conditions. This agility is particularly important in data-intensive industries, where the ability to act on 

data quickly can provide a competitive advantage (Ezeife, et al., 2024, Idemudia, et al., 2024). 

Furthermore, by reducing the burden on IT teams and empowering business users, organizations can foster a culture of collaboration 

and innovation. IT teams can focus on more strategic projects, such as system integration, data governance, and security, while 

business users take ownership of their data needs. This collaboration between IT and business functions ensures that data remains 

accurate, secure, and aligned with organizational goals, further enhancing the overall efficiency of the data platform. 

In conclusion, the conceptual framework for self-service data platforms presents a powerful solution for organizations looking to 

reduce costs and improve decision-making efficiency. By focusing on data democratization, automated workflows, scalable cloud 

infrastructure, and predictive analytics, this model empowers organizations to unlock the full potential of their data (Bello, Ige & 

Ameyaw, 2024, Ewim, et al., 2024). As businesses continue to generate larger and more complex datasets, self-service platforms 

will become an increasingly essential tool for managing and leveraging this information to drive growth, innovation, and operational 

efficiency. 

 

2.2. Methodology 
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The methodology employed in this study of self-service data platforms as drivers of cost reduction and decision-making efficiency 

in data-intensive organizations adopts an exploratory approach. The focus is to develop a model that reflects the real-world 

applications of self-service platforms across different industries. To ensure a comprehensive understanding of the phenomenon, the 

research combines qualitative data from interviews and case studies, supplemented by expert insights. This research methodology 

seeks to identify the benefits and challenges associated with the implementation of self-service data platforms, offering both a 

theoretical and practical contribution to the growing field of data management. 

The research design is exploratory in nature, aimed at building a deeper understanding of how self-service data platforms function 

and how they contribute to cost reduction and enhanced decision-making efficiency. This approach allows the researcher to examine 

how various organizations have implemented self-service data solutions and to extract insights into their effectiveness and challenges 

(Theodorou, 2017, Vemulapalli, 2023). The study is guided by industry case studies and expert interviews, enabling the research to 

be both data-driven and practically grounded. By investigating a wide range of organizations, including those in finance, retail, and 

healthcare, the research will focus on how these sectors, which are inherently data-intensive, have adopted self-service models and 

the impact these models have had on their operations. This exploratory design allows for flexibility in how data is collected and 

analyzed, ensuring that the final model is responsive to the complexities of different business environments. 

Data collection for this study primarily relies on qualitative methods, utilizing semi-structured interviews and case studies to gather 

insights. Interviews are conducted with key stakeholders in organizations, including IT managers, business analysts, and data users. 

These individuals offer valuable perspectives on the benefits, challenges, and operational changes they experienced with the adoption 

of self-service data platforms (Chen & Zhang, 2014, Nookala, 2022). The interviews aim to uncover detailed information on how 

the platforms were integrated, their influence on decision-making processes, and the cost implications, particularly with regard to IT 

infrastructure and resources. In addition to interviews, case studies of organizations that have successfully implemented self-service 

platforms are examined. These case studies provide real-world examples of self-service data platforms in action and allow for a 

direct comparison of pre- and post-implementation results, particularly in terms of cost reductions and decision-making efficiency. 

The data analysis phase consists of a two-pronged approach: comparative analysis and thematic analysis. The comparative analysis 

involves evaluating the changes in costs and decision-making efficiency before and after the implementation of self-service 

platforms. This includes examining reductions in IT support costs, infrastructure costs, and any measurable improvements in 

decision-making speed and accuracy. The comparative analysis also involves tracking key performance indicators (KPIs) such as 

time to insight, cost savings, and user adoption rates (Brown, et al., 2017, Habibzadeh, et al., 2019). By comparing these metrics 

across different organizations, the study can establish trends and patterns that highlight the impact of self-service data platforms on 

organizational performance. 

Thematic analysis complements the comparative analysis by identifying recurring themes related to the challenges and benefits of 

implementing self-service platforms. This involves coding interview transcripts and case study reports to uncover key factors that 

influence the success or failure of these platforms. For example, common themes might include issues related to data quality, user 

training, system integration, and organizational culture (Dutta & Bose, 2015, Gade, 2021). Thematic analysis provides an in-depth 

understanding of the qualitative aspects of self-service data platforms, highlighting factors that may not be captured in quantitative 

metrics. This analysis helps to shed light on how organizations can better overcome obstacles and maximize the benefits of self-

service solutions. 

The development of the self-service data platform model follows an iterative process that incorporates insights from both the case 

studies and expert feedback. As the research progresses, the model evolves based on new data and emerging trends from the collected 

interviews and case studies. This iterative approach ensures that the final model is adaptable and responsive to the real-world needs 

of organizations (Chumie, et al., 2024, Mokogwu, et al., 2024). The development process also involves regular consultations with 

experts in the field of data management and analytics to validate findings and refine the model. Expert feedback ensures that the 

proposed model is not only theoretically sound but also practically applicable in diverse industry settings. 

One of the key aspects of this methodology is its emphasis on a feedback-driven process. After collecting data from case studies and 

interviews, the researcher conducts follow-up discussions with the participants to refine the findings and ensure that the model is 

representative of the actual experiences of the organizations involved. This feedback loop helps to capture nuances and variations in 

the implementation of self-service data platforms, which are critical for understanding the diverse challenges organizations face (Ige, 

et al., 2025, Osundare & Ige, 2024). The iterative nature of model development allows for adjustments based on ongoing discoveries 

and ensures that the model evolves in response to the complexities of real-world data management. 

The model development process also includes a consideration of scalability and flexibility. Given the diversity of sectors and 

organizational structures involved, the model must be adaptable to various types of organizations, from large enterprises to smaller, 

more agile companies. The research takes into account how different organizations prioritize cost reduction, efficiency, and decision-

making processes, ensuring that the model accommodates these varied needs (Ojukwu, et al., 2024, Omowole, et al., 2024). By 

drawing on a broad range of case studies, the research aims to create a robust, adaptable model that can be applied across industries 

and contexts. 



International Journal of Academic Management Science Research (IJAMSR) 

ISSN: 2643-900X 

Vol. 9 Issue 3 March - 2025, Pages: 142-157 

www.ijeais.org/ijamsr 

146 

Moreover, the iterative approach ensures that the model is continually refined based on empirical data, providing a practical 

framework that organizations can adopt to implement self-service data platforms successfully. The model emphasizes key 

components such as data democratization, automation of workflows, scalability, and user-driven analytics, all of which have been 

identified as essential elements in driving cost reduction and improving decision-making efficiency (Chen & Zhang, 2014, Nookala, 

2022). 

The research methodology also focuses on addressing the practical challenges faced by organizations in adopting self-service 

platforms. For example, themes arising from the thematic analysis might include issues such as organizational resistance to change, 

the complexity of integrating new systems with existing infrastructure, and the training needs of non-technical users. These 

challenges are incorporated into the model, along with strategies for overcoming them (Oladosu, et al., 2021,  Gade, 2021). The final 

model offers actionable recommendations for organizations to ensure successful adoption, emphasizing the importance of training, 

data governance, and the alignment of self-service data platforms with organizational goals. 

In conclusion, the methodology for developing a model for self-service data platforms involves a comprehensive and iterative process 

of data collection, analysis, and model development. By combining case studies, expert interviews, and thematic and comparative 

analysis, the research provides a well-rounded understanding of the factors that contribute to the success or failure of self-service 

data platforms. The outcome is a practical, adaptable model that organizations can use to drive cost reductions and enhance decision-

making efficiency through the adoption of self-service data platforms (Dulam, Katari & Allam, 2020, Mishra, Komandla & Bandi, 

2021). The iterative approach ensures that the model remains relevant and reflective of real-world organizational experiences. 

 

2.3. Proposed Model for Self-Service Data Platforms 

The proposed model for self-service data platforms is designed to address the increasing demand for cost reduction and decision-

making efficiency in data-intensive organizations. In today's data-driven business environment, organizations are seeking ways to 

make faster, more informed decisions while also reducing the costs associated with traditional data management systems. A self-

service data platform is one that allows business users—regardless of their technical background—to access, analyze, and visualize 

data independently (Austin-Gabriel, et al., 2021, Hiidensalo, 2016). This empowers users to extract insights, make data-driven 

decisions, and perform analyses without requiring extensive IT support, ultimately driving efficiency and reducing dependency on 

technical resources. 

At the core of the proposed model is the principle of data democratization. By ensuring that data is accessible to all business users, 

the platform removes barriers that traditionally restrict access to data, such as complex data infrastructure or the need for specialized 

technical skills. This democratization of data empowers non-technical users, such as business analysts or department managers, to 

engage directly with data and make informed decisions. The model envisions user-friendly interfaces that allow employees to interact 

with data in ways that are intuitive and efficient (Bani-Hani, Tona & Carlsson, 2020). These platforms often provide drag-and-drop 

functionality, interactive dashboards, and data visualizations that make it easier for users to explore data, identify trends, and derive 

insights on their own. As a result, business users can take ownership of their data needs, reducing the need for extensive involvement 

from IT teams. 

To support this increased accessibility, automated data workflows are also a key feature of the proposed model. Traditional data 

management systems often require manual intervention in the extract, transform, and load (ETL) process, which can be time-

consuming and prone to errors. Automated workflows streamline this process by reducing the need for manual data handling, thereby 

improving efficiency, reducing the likelihood of errors, and speeding up the flow of data from its source to the users (Achumie, et 

al., 2024, Mokogwu, et al., 2024). Automated workflows can ensure that data is consistently updated, cleansed, and transformed into 

a usable format, making it more reliable and accessible for decision-making. With automation in place, organizations can reduce the 

operational overhead associated with maintaining complex data pipelines and free up IT resources for more strategic initiatives. 

Another critical feature of the self-service data platform model is scalable cloud infrastructure. Moving data storage and processing 

to the cloud allows organizations to scale their data operations more effectively while minimizing infrastructure costs. Cloud 

solutions provide on-demand scalability, meaning that organizations only pay for the resources they use, allowing them to manage 

their data storage and processing needs more efficiently (Abbey, et al., 2023). Cloud platforms also offer enhanced flexibility, as 

they can easily accommodate the growing volumes of data generated by organizations, especially in sectors like finance, healthcare, 

and retail, where data is continuously produced (Akinsooto, Ogundipe & Ikemba, 2024, Ofoegbu, et al., 2024). By leveraging cloud 

infrastructure, organizations can reduce their capital expenditure on physical hardware and instead focus on operational costs that 

align with their actual usage patterns. This scalability ensures that as data volumes and user needs grow, the platform can adapt 

without requiring significant additional investments in infrastructure. 

Incorporating advanced analytics into the self-service data platform further enhances its value. By integrating machine learning and 

predictive analytics capabilities, organizations can not only visualize historical data but also uncover patterns and trends that might 

not be immediately apparent. Machine learning algorithms can help identify key factors influencing business outcomes, predict 
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future trends, and generate actionable insights. Predictive analytics, in particular, allows organizations to forecast demand, customer 

behavior, market trends, and other critical variables, enabling more proactive decision-making (Bani-Hani, Tona & Carlsson, 2020). 

This advanced functionality empowers users to go beyond descriptive analytics and engage in prescriptive and predictive analyses 

that improve strategic planning and operational efficiency. With machine learning capabilities embedded into the platform, business 

users can leverage advanced data science tools without needing deep expertise in data modeling, which further democratizes access 

to high-level analytics. 

The impact of self-service data platforms on decision-making is profound. One of the primary benefits of these platforms is the 

ability to provide faster insights, which directly leads to more informed and timely decisions at various organizational levels. In 

traditional data management systems, decision-makers often have to wait for IT teams or data scientists to prepare reports or analyze 

data, a process that can be slow and hinder responsiveness. Self-service data platforms remove this bottleneck by allowing business 

users to directly access and analyze data whenever needed (Omowole, et al., 2024, Osundare & Ige, 2024). The availability of real-

time or near-real-time data ensures that decisions are based on the most current information, reducing the risks associated with 

delayed or outdated insights. Faster access to data leads to quicker reactions to market changes, customer needs, and operational 

challenges, giving organizations a competitive edge. Vemulapalli, 2023, presented data governance structure as shown in figure 3. 

 

Figure 3: Data Governance (Vemulapalli, 2023) 

Moreover, self-service data platforms support decentralized decision-making. In large organizations, decisions are often made by 

senior executives or a centralized group of experts. With self-service platforms, decision-making authority is distributed across 

departments and teams, enabling individuals who are closer to specific issues or operations to make data-driven decisions (Al-Atroshi 

& Zeebaree, 2024, Stodder, 2015). This approach fosters agility and responsiveness at the local level while ensuring that decisions 

are aligned with organizational goals. Business units such as marketing, sales, operations, and finance can all leverage self-service 

data platforms to inform their decisions, improving coordination and alignment across departments. This decentralized approach to 

decision-making enhances the overall efficiency of the organization, as it enables teams to act quickly and independently when 

necessary. 

The proposed self-service data platform model is also designed to support continuous improvement in decision-making processes. 

As users interact with data more frequently, they become better equipped to recognize patterns, detect anomalies, and make 

predictions based on data-driven insights. Over time, the increased data literacy among employees helps cultivate a more data-driven 

organizational culture, where decision-making is consistently supported by evidence rather than intuition or guesswork (Ojukwu, et 

al., 2024, Osundare & Ige, 2024). This shift in organizational mindset helps organizations stay competitive and adaptable in a rapidly 

changing business landscape. 

In conclusion, the proposed model for self-service data platforms focuses on key features that enable organizations to reduce costs 

and enhance decision-making efficiency. Data democratization ensures that business users can access and interact with data 

independently, while automated workflows improve efficiency and reduce the need for manual data processing. Scalable cloud 

infrastructure offers cost savings and flexibility, allowing organizations to meet their evolving data needs (Ezeife, et al.,  2024, Ige, 

Kupa & Ilori, 2024). The integration of advanced analytics, including machine learning and predictive capabilities, empowers users 

to derive deeper insights and make proactive decisions. The impact on decision-making is significant, as faster, more informed 

decisions can be made at various levels of the organization, driving improved business outcomes and competitive advantage. By 

embracing self-service data platforms, organizations can create a more agile, efficient, and data-driven culture that supports both 

operational and strategic goals. 

2.4. Benefits and Cost Reduction 
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Self-service data platforms offer significant benefits in terms of cost reduction and efficiency, especially for data-intensive 

organizations. These platforms allow non-technical business users to access, analyze, and visualize data independently, without 

relying heavily on IT teams or specialized data professionals. This shift toward a self-service model not only enhances decision-

making capabilities but also drives considerable cost savings for organizations. One of the most immediate advantages of adopting 

self-service data platforms is the reduction in IT support costs (Iansiti & Lakhani, 2020, Jiang, et al., 2019). Traditionally, data access 

and analysis have been complex tasks requiring extensive involvement from IT teams. In conventional data systems, business users 

would need to rely on IT departments to run queries, generate reports, and perform analytics. This reliance on IT support often results 

in delays and inefficiencies, as IT teams are burdened with routine data-related tasks rather than focusing on strategic initiatives. 

With self-service platforms, however, business users can access the data they need directly, reducing the dependency on IT staff for 

routine tasks. This decentralized approach empowers business units to make data-driven decisions without waiting for the IT 

department to facilitate their needs. IT resources can then be reallocated to higher-value activities such as system optimization, 

cybersecurity, and infrastructure maintenance (Al-Atroshi & Zeebaree, 2024, Stodder, 2015). The shift to self-service data platforms 

allows IT teams to focus on more strategic initiatives rather than being bogged down by frequent data requests. This not only 

improves operational efficiency but also results in cost savings by eliminating the need for a large, dedicated IT team to handle 

routine data tasks. Furthermore, the reduction in IT support requirements can lead to faster decision-making, as business users can 

access data on-demand and make timely decisions without the typical delays associated with IT involvement. 

Another significant benefit of self-service data platforms is the reduction in infrastructure costs. Traditionally, organizations have 

had to invest heavily in on-premise data infrastructure to store, manage, and process large volumes of data. This infrastructure often 

requires substantial upfront investments in hardware, ongoing maintenance costs, and resources dedicated to managing physical data 

centers. Self-service data platforms, however, leverage cloud-based solutions that eliminate the need for organizations to invest in 

expensive on-premise hardware. Cloud platforms provide scalable, on-demand storage and processing power, meaning that 

organizations only pay for the resources they use (Lin, et al., 2019, Masuda & Viswanathan, 2019). This scalability enables 

organizations to efficiently manage increasing data volumes without incurring excessive infrastructure costs. As data needs grow, 

the cloud infrastructure can be scaled up seamlessly, ensuring that the organization can continue to meet its demands without the 

need for costly upgrades to on-premise infrastructure. 

Moreover, cloud-based solutions offer flexibility and reduce the operational overhead associated with maintaining physical hardware. 

By shifting to cloud services, organizations can avoid the costs related to hardware acquisition, installation, and ongoing 

maintenance, such as cooling systems and power requirements for data centers. The cloud infrastructure is managed by third-party 

providers, who assume responsibility for maintenance, security, and upgrades, thus reducing the burden on internal teams (Chen, 

Richter & Patel, 2021, Oladosu, et al., 2021). Organizations can benefit from this reduction in infrastructure costs while maintaining 

the scalability and flexibility needed to accommodate future growth. The ability to scale cloud resources up or down based on demand 

ensures that organizations are only paying for what they need at any given time, making the approach more cost-effective compared 

to traditional on-premise data infrastructure. 

The self-service nature of the platforms also contributes to improved operational efficiency by enabling faster data access and 

processing. In traditional data environments, business users often had to wait for IT teams to generate reports, process queries, and 

provide insights. This reliance on IT not only slowed down decision cycles but also created bottlenecks that hindered timely action. 

With self-service data platforms, users can access data in real-time, run their own queries, and generate reports independently 

(Omowole, et al., 2024, Osundare & Ige, 2024). This faster access to data enables quicker decision-making and shorter feedback 

loops, which is essential in dynamic business environments. The ability to make timely decisions based on up-to-date information 

allows organizations to respond more effectively to changes in the market, customer behavior, or internal performance metrics. This 

operational efficiency translates directly into cost savings, as organizations can operate with greater agility and less delay in decision-

making processes. 

Additionally, self-service data platforms improve collaboration across departments by enabling business users from different teams 

to access and analyze the same datasets. With a unified platform, teams can share insights, discuss trends, and make decisions 

collaboratively, reducing the silos that often exist between different functional areas. This improved collaboration helps align 

organizational goals and ensures that data-driven decisions are based on a holistic view of the business (Ahlawat, et al., 2023, Raj, 

et al., 2015). By facilitating better communication and coordination, self-service platforms contribute to more effective decision-

making processes across departments, further enhancing operational efficiency. 

Another key advantage of self-service data platforms is their ability to foster a data-driven culture within an organization. When 

employees at all levels have access to data, they become more empowered to make decisions based on facts and insights, rather than 

relying on intuition or guesswork. This increased data literacy across the organization helps drive better decision-making, as 

employees are better equipped to interpret data and draw actionable insights. In addition, self-service platforms encourage a culture 

of continuous improvement, where employees actively seek to optimize processes, monitor performance, and leverage data to 

identify opportunities for growth (Ojukwu, et al., 2024, Olaleye, et al., 2024). This shift toward a more data-driven culture is not 
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only beneficial for operational efficiency but also helps organizations stay competitive in an increasingly data-centric business 

environment. 

In terms of cost reduction, the self-service model also reduces the need for external consulting or specialized data science services. 

In the past, organizations often had to hire external experts or consultants to analyze complex datasets and provide insights. With 

self-service platforms, these tasks can be handled internally by business users, reducing the need for costly external services. 

Additionally, the integration of advanced analytics features such as machine learning and predictive analytics into self-service 

platforms allows business users to perform more sophisticated analyses without requiring deep technical expertise (Ige, et al., 2024, 

Mokogwu, et al., 2024). This further reduces the reliance on external data professionals, leading to cost savings and increased internal 

capacity for data analysis. 

The overall reduction in time spent on routine tasks, such as querying data, generating reports, and waiting for IT support, enables 

organizations to allocate resources more effectively. Business teams can focus on strategic decision-making, rather than being bogged 

down by manual data manipulation or delays in accessing the necessary information. As a result, organizations can become more 

agile, responding faster to market opportunities, competitive pressures, and internal challenges (Henke & Jacques Bughin, 2016, 

Lnenicka & Komarkova, 2019). The cost savings associated with self-service platforms allow organizations to reinvest those 

resources into more strategic initiatives, such as product development, customer engagement, or innovation. 

In conclusion, self-service data platforms provide a range of benefits that drive both cost reduction and decision-making efficiency 

in data-intensive organizations. By reducing IT support requirements, organizations can allocate their resources more effectively and 

focus on higher-value activities. The use of cloud-based infrastructure not only minimizes the need for expensive on-premise 

hardware but also ensures scalability and flexibility to meet future demands. Faster access to data and automated workflows enable 

quicker decision cycles, enhancing operational efficiency (Akinade, et al., 2025, Osundare, et al., 2024). By fostering a data-driven 

culture, improving collaboration across teams, and reducing reliance on external experts, self-service data platforms help 

organizations optimize their operations and achieve significant cost savings. These platforms empower business users to take control 

of their data needs, driving more informed, timely, and cost-effective decision-making across the organization. 

 

2.5. Challenges and Mitigation Strategies 

Self-service data platforms are designed to empower business users by providing them with the tools to independently access, 

analyze, and visualize data. These platforms reduce the reliance on IT teams and significantly improve decision-making efficiency. 

However, despite the clear advantages, their implementation and long-term success are not without challenges. Organizations that 

are looking to adopt self-service data platforms must navigate several hurdles, including data security concerns, user adoption 

challenges, and data quality management issues (Ahlawat, et al., 2023, Raj, et al., 2015). By understanding these challenges and 

developing effective mitigation strategies, organizations can maximize the potential benefits of self-service data platforms while 

minimizing the risks. 

One of the most significant challenges organizations face when implementing self-service data platforms is data security. As business 

users gain more control over the data they access and analyze, the potential for data breaches or misuse increases. Data security 

concerns are particularly critical in industries such as healthcare, finance, and retail, where sensitive personal and financial data are 

handled (Ike, et al., 2021, Jacobi & Brenner, 2018). Ensuring that these platforms comply with privacy regulations, such as GDPR, 

HIPAA, or industry-specific data protection laws, is essential. Self-service platforms may open up access to broader groups within 

the organization, and without proper controls in place, there is a risk of unauthorized access, data leakage, or misuse of sensitive 

information. 

To mitigate these risks, organizations need to implement robust data governance and security frameworks. One key strategy is to 

ensure that access control mechanisms are well-defined and implemented. Role-based access control (RBAC) can be particularly 

useful, as it allows organizations to define specific permissions based on users' roles within the organization (Braun, et al., 2018, 

Halper & Stodder, 2017). This ensures that employees only have access to the data they need to perform their job functions, reducing 

the likelihood of accidental or malicious data exposure. Additionally, encryption techniques can be employed to protect data both at 

rest and in transit, ensuring that sensitive information remains secure even if it is intercepted. 

Regular monitoring of the platform's usage is also essential for identifying unusual patterns or potential security breaches. Automated 

alerts can be configured to notify administrators of any suspicious activity, allowing for quick responses. Furthermore, organizations 

must continuously update their security protocols to stay ahead of emerging threats, as cybercriminals are constantly developing new 

methods to breach systems. Training employees on best practices for data security and fostering a culture of data privacy awareness 

can also play a crucial role in minimizing risks. In this way, data security can be effectively managed while still empowering users 

to make data-driven decisions. 
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User adoption represents another challenge when implementing self-service data platforms. Many organizations struggle with the 

transition from traditional, IT-dependent data systems to self-service platforms, as business users may not be accustomed to working 

with data directly. Some employees may feel overwhelmed by the new technology, while others may resist the change altogether, 

preferring the established ways of accessing and interpreting data (Akinsooto, Pretorius & van Rhyn, 2012, Bolton, Goosen & 

Kritzinger, 2016). Resistance to new technologies is common in organizations, particularly when it comes to complex systems like 

data analytics platforms that require new skills and approaches. 

To overcome resistance and promote successful user adoption, organizations need to invest in comprehensive training and support 

programs. These programs should be tailored to the specific needs of different user groups, as not all employees will have the same 

level of technical expertise. For example, business analysts may require more advanced training on data visualization techniques and 

analytical tools, while non-technical users may benefit from basic tutorials on how to access and interpret data. Providing hands-on 

training, workshops, and one-on-one sessions can help users become more comfortable with the platform and increase their 

confidence in using it. 

Another effective strategy is to establish a strong support system within the organization. This could involve creating a team of 

internal champions or power users who are well-versed in the platform and can assist others with questions or challenges. 

Additionally, providing ongoing support through helpdesks, FAQs, and troubleshooting guides can ensure that users feel confident 

in their ability to resolve issues as they arise (Omowole, et al., 2024, Osundare & Ige, 2024). Encouraging a culture of continuous 

learning and collaboration can also promote user adoption, as employees are more likely to embrace new technologies when they 

see that their peers are doing the same. 

In some cases, organizations may choose to pilot the self-service data platform with a small group of users before rolling it out 

organization-wide. This approach allows the organization to identify potential challenges and gather feedback from users early in 

the process. By addressing these issues in the pilot phase, organizations can make necessary adjustments to the platform and training 

materials, ensuring a smoother transition when the platform is fully implemented. 

Data quality management is another critical challenge in ensuring the success of self-service data platforms. The accuracy and 

reliability of the data used for analysis directly impact the quality of the insights and decisions that are made. If the data input into 

the system is incomplete, inconsistent, or erroneous, it can lead to faulty analyses and poor decision-making. In traditional data 

environments, IT teams often handle data cleaning, validation, and transformation tasks (Olaleye, et al., 2024, Oluokun, Ige & 

Ameyaw, 2024). However, in a self-service environment, business users are responsible for managing the data they work with. This 

shift can result in inconsistencies in data quality, especially if users lack the necessary expertise to identify and correct data issues. 

To address this challenge, organizations must put in place strong data governance practices to ensure the accuracy and consistency 

of the data. One effective strategy is to establish data quality standards and guidelines that users must follow when entering, cleaning, 

or analyzing data. These guidelines should cover aspects such as data validation, data formatting, and ensuring that data is properly 

categorized and tagged. Additionally, organizations can leverage data profiling and data cleansing tools within the self-service 

platform to automatically detect and address data quality issues (Bello, Ige & Ameyaw, 2024, Mokogwu, et al., 2024. 

Another approach to improving data quality is to implement data stewardship practices. Data stewards are individuals or teams 

responsible for overseeing the quality and consistency of the data within the organization. They ensure that data governance policies 

are followed and help address any issues related to data quality. By assigning specific individuals or teams to manage data quality, 

organizations can ensure that the data used in decision-making processes is both accurate and reliable. 

In addition to data governance and stewardship, organizations can integrate machine learning and artificial intelligence algorithms 

into the self-service platform to help automate data quality management. These technologies can identify patterns in data quality 

issues and provide suggestions for corrective actions. For example, machine learning models can detect outliers or anomalies in the 

data and flag them for review, reducing the manual effort required to maintain data quality (Akinsooto, Ogundipe & Ikemba, 2024, 

Ofoegbu, et al., 2024). As a result, users can spend less time on data cleaning and more time on analyzing the data to generate 

insights. 

In conclusion, while self-service data platforms offer significant advantages in terms of cost reduction and decision-making 

efficiency, they also present several challenges. Data security concerns, user adoption issues, and data quality management are some 

of the key obstacles that organizations must address to ensure the success of these platforms (Austin-Gabriel, et al., 2021, Loukiala, 

et al., 2021). By implementing robust data governance practices, providing adequate training and support for users, and leveraging 

advanced technologies to automate data quality management, organizations can mitigate these challenges and fully realize the 

potential of self-service data platforms. With the right strategies in place, self-service data platforms can drive significant 

improvements in both operational efficiency and decision-making capabilities, enabling organizations to stay competitive in a data-

driven world. 
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2.6. Case Studies and Applications 

Self-service data platforms have become a transformative tool for organizations in various industries, enabling them to make data-

driven decisions while significantly reducing operational costs. By empowering business users to access, analyze, and visualize data 

independently, these platforms eliminate the need for constant IT intervention and streamline data workflows. As organizations 

become increasingly data-intensive, the role of self-service platforms in improving decision-making efficiency and reducing costs 

has been proven across multiple sectors (Hlanga, 2022, Onoja, et al., 2022). Examining real-world case studies from the financial, 

retail, and healthcare sectors highlights the practical applications of self-service data platforms, their impact on organizational 

operations, and the benefits they bring. 

In the financial sector, self-service data platforms have revolutionized reporting and analytics, enabling organizations to improve 

both the accuracy and speed of financial reporting. Traditionally, financial institutions relied on IT teams to manage data systems 

and produce reports, leading to delays and inefficiencies. Financial analysts spent significant time relying on IT to access data and 

generate reports, often encountering bottlenecks in the process (Abbey, et al., 2024, Ige, Kupa & Ilori, 2024). With the introduction 

of self-service data platforms, employees in finance departments can now access the data they need directly, create customized 

reports, and perform real-time analytics without relying on IT staff. This reduction in IT dependency has not only sped up reporting 

processes but also led to improved reporting accuracy. By making data more accessible, organizations reduce the chances of 

misreporting or errors, as employees can check and validate data on their own. 

Moreover, the reduction in IT support requirements results in significant operational cost savings. The ability for business users to 

independently generate reports and conduct analyses frees up IT teams to focus on more strategic tasks, which increases overall 

efficiency within the organization. The data democratization aspect of self-service platforms also leads to improved decision-making 

(Brinch, 2018, Gallino & Rooderkerk, 2020). Decision-makers in the financial sector can now access timely and relevant 

information, enabling them to make informed decisions based on real-time data, which enhances business agility and reduces the 

risk of financial missteps. The implementation of self-service data platforms has proven to be a game-changer, providing financial 

institutions with the tools to reduce operational costs, improve reporting accuracy, and accelerate decision-making processes. 

In the retail sector, self-service data platforms have made a significant impact on inventory management and demand forecasting, 

two areas that are critical for maintaining efficient supply chains. Retailers face the constant challenge of managing large volumes 

of inventory data, ensuring products are stocked at the right time, and predicting future demand accurately. Traditionally, this task 

required complex systems and input from multiple departments, often leading to inefficiencies and delays in decision-making 

(Chukwurah, et al., 2024, Ofoegbu, et al., 2024). Self-service data platforms address these challenges by providing retail managers 

with direct access to real-time data, enabling them to analyze inventory levels, sales patterns, and customer preferences to predict 

demand more accurately. 

Using self-service platforms, retailers can identify patterns in consumer behavior and anticipate demand fluctuations, allowing them 

to adjust inventory levels and ordering processes accordingly. This predictive capability is essential for preventing stockouts or 

overstocking, which can be costly for retailers. By enabling business users to make data-driven decisions independently, self-service 

platforms reduce the reliance on traditional forecasting methods, which can be time-consuming and prone to inaccuracies (Lin, Wang 

& Kung, 2015, Oliveira, et al., 2016). Additionally, retailers can streamline their supply chains by reducing inefficiencies related to 

inventory management, such as ordering excessive quantities or missing out on potential sales due to stock shortages. 

In terms of cost reduction, self-service data platforms help retailers save both time and resources. Retail managers no longer need to 

wait for IT departments to generate reports or perform complex analyses, and they can instead make real-time decisions that align 

with current market conditions. This leads to a more responsive and cost-efficient supply chain, improving operational effectiveness 

while reducing wastage and excess inventory (Curuksu, 2018, Gharaibeh, et al., 2017). The overall impact of self-service platforms 

in the retail sector is clear: by improving inventory management and demand forecasting, retailers can optimize their supply chains, 

reduce costs, and better align their operations with customer demand. 

The healthcare sector also stands to benefit significantly from the implementation of self-service data platforms, particularly in 

enhancing patient care and reducing administrative overhead. Healthcare organizations are increasingly dealing with large amounts 

of patient data, including medical histories, lab results, and treatment plans. Historically, healthcare providers have struggled to 

efficiently organize and analyze this data, which has hindered decision-making and slowed down patient care (Dussart, van 

Oortmerssen & Albronda, 2021). Self-service data platforms address these challenges by enabling healthcare professionals to directly 

access and analyze patient data, helping them make more informed decisions quickly. 

In healthcare settings, the ability to access real-time patient data enables medical professionals to make data-driven decisions that 

enhance patient care. For example, doctors and nurses can quickly identify patterns in patient conditions and make timely 

interventions based on real-time insights. Self-service platforms allow healthcare providers to track the progress of treatments, 

identify emerging health trends, and make more personalized care decisions based on accurate data. This ability to leverage data 
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effectively leads to improved patient outcomes, as medical professionals can rely on up-to-date information to guide their decisions 

(Bratasanu, 2018, Hassan & Mhmood, 2021). 

Self-service data platforms also reduce administrative overhead in healthcare organizations by eliminating the need for manual data 

processing and reporting. Traditionally, healthcare administrators and medical staff had to spend considerable time managing and 

compiling patient data. With self-service platforms, these tasks can be automated, freeing up time for more important activities such 

as direct patient care (Bilal, et al., 2018, Hussain, et al., 2021). This reduction in administrative workload leads to cost savings for 

healthcare providers, as fewer resources are needed for manual data entry and reporting tasks. Additionally, by streamlining data 

workflows, self-service platforms help healthcare organizations improve operational efficiency and reduce administrative delays. 

Furthermore, healthcare organizations benefit from enhanced data governance and compliance when using self-service data 

platforms. With appropriate access controls and data validation protocols in place, healthcare providers can ensure that patient data 

is managed securely and in accordance with regulatory requirements such as HIPAA. Self-service platforms provide a more efficient 

way to manage and share patient data while ensuring privacy and compliance with healthcare regulations (Akinsooto, 2013, Goyal, 

2021). By improving both patient care and operational efficiency, self-service data platforms enable healthcare organizations to 

deliver better service while reducing costs associated with administrative tasks and data management. 

Across these diverse sectors, the implementation of self-service data platforms has led to significant improvements in decision-

making efficiency and cost reduction. In the financial sector, faster and more accurate reporting has empowered organizations to 

make informed decisions and reduce IT dependencies. In the retail sector, better inventory and demand forecasting has streamlined 

supply chains and improved operational efficiency. Meanwhile, in the healthcare sector, enhanced patient care and reduced 

administrative overhead have led to both improved patient outcomes and cost savings (Ige, Kupa & Ilori, 2024, Ofoegbu, et al., 

2024). The ability to access and analyze data independently is a powerful tool that drives efficiency and cost reduction, ultimately 

allowing organizations to operate more effectively and adapt to changing business environments. These case studies provide a clear 

demonstration of how self-service data platforms can be successfully applied across industries, offering measurable benefits and 

demonstrating the potential for data-driven decision-making to transform organizations in a wide range of sectors. 

2.7. Conclusion 

Self-service data platforms have become essential tools for data-intensive organizations looking to improve their operational 

efficiency and reduce costs. By providing business users with direct access to data and analytical tools, these platforms eliminate the 

dependency on IT departments for routine data-related tasks, enabling quicker decision-making and fostering a more agile 

organizational environment. The key value of these platforms lies in their ability to democratize data access, automate data 

workflows, and provide scalable cloud infrastructure, all of which contribute to faster insights, improved decision-making, and 

significant cost reductions. The case studies from sectors such as finance, retail, and healthcare demonstrate how self-service data 

platforms can drive efficiency, improve decision quality, and lower operational costs across diverse industries. 

The financial sector benefits from self-service platforms by improving reporting speed and accuracy, which allows for better financial 

decision-making and less reliance on IT teams. Retail organizations, on the other hand, can optimize their supply chains and improve 

inventory forecasting, leading to reduced inefficiencies and better demand planning. In healthcare, these platforms enable quicker, 

data-driven decisions regarding patient care while reducing administrative overhead, ultimately contributing to improved healthcare 

outcomes and cost savings. These case studies provide compelling evidence that self-service data platforms can enhance performance 

across a variety of data-intensive sectors. 

Despite their numerous advantages, the successful implementation of self-service data platforms requires careful consideration of 

several factors, including data security, user adoption, and data quality management. Organizations must ensure that their data 

governance policies are robust enough to protect sensitive information, especially in sectors like healthcare and finance, where data 

privacy is paramount. Overcoming resistance to new technologies and ensuring users are properly trained are also critical to the 

success of these platforms. Furthermore, maintaining data quality is essential to ensure that decision-making is based on accurate 

and reliable data. 

Future research in this field could explore the long-term impact of self-service data platforms on business performance, particularly 

in terms of sustained cost savings and operational improvements. Investigating the scalability of these platforms in larger 

organizations and their ability to evolve alongside rapidly changing technological landscapes would provide valuable insights into 

how they can be leveraged for long-term strategic success. Additionally, studying the integration of emerging technologies, such as 

artificial intelligence and machine learning, with self-service platforms could uncover new opportunities for enhancing decision-

making and operational efficiency. 

For organizations considering the adoption of self-service data platforms, several best practices can ensure a successful 

implementation and scaling process. First, it is essential to provide adequate training and support to users at all levels of the 

organization to foster adoption and ensure that the platform is being used effectively. Secondly, organizations should invest in data 

governance frameworks to ensure data quality, security, and compliance with regulatory requirements. Third, a phased 
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implementation approach, starting with a pilot program, can help organizations identify potential challenges and make necessary 

adjustments before scaling the platform across the organization. Finally, organizations should continuously assess the platform’s 

performance and make iterative improvements to ensure that it continues to meet the evolving needs of the business. 

In conclusion, self-service data platforms offer significant potential for driving cost reductions and improving decision-making 

efficiency in data-intensive organizations. By empowering business users to access and analyze data independently, these platforms 

eliminate inefficiencies, reduce IT dependencies, and provide faster, more accurate insights. As organizations continue to embrace 

data-driven decision-making, the adoption of self-service data platforms will likely become increasingly important in achieving long-

term success. Through careful implementation, continuous support, and a focus on data governance, organizations can maximize the 

benefits of these platforms and enhance their overall performance. 
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